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K R A8 & B F (Pearson’s correlation coefficient, PCC)

Static Intentional Sudden Whole

PCC(v,)  0.1345 0.5883 0.1511 0.5641
PCC(vy)  0.1484 0.4969  -0.0906  0.4132
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SGaze Mean Center Saliency

Mean
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Error
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Free viewing  Visual search ~ Saliency Track
Mean Fixation Duration Mean 263.4 ms 339.5 ms 241.2 ms  431.7 ms
‘ SD 25.6 ms 49.0 ms 24.3 ms 106.7 ms
. Mean 1.41 1.97 1.22 1.77
Fixation Number Per Second SD 033 017 013 019
Mean Saccade Duration Mean 633.2 ms 269.3 ms 776.0ms  241.1 ms
Al Ddct SD 218.0 ms 69.2 ms 260.1 ms  56.2 ms
Mean 1.03 1.20 0.95 1.01
Saccade Number Per Second 3D 017 01% 0.10 04
. Mean 6.51° 4.73° 8.56° 5.40°
Mean Saccade Amplitude 3D 540 [05° T 40° [33°
Fixation Distribution Dispersion Mean 2.21E-6 2.25E-6 1.08E-6 2.50E-6
) SD 1.O1E-6 1.18E-6 3.50E-6 1.57E-6
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Free viewing  Visual search Saliency Track

. : Mean 22.7° /s 0.1°/s 26.87 /s 6.4°/s

Mean Absolute Horizontal Velocity SD 13/ 235 145 245

. . Mean 2.9%/s 2.7°/s 1.5°/s 1.9°/s

Mean Absolute Vertical Velocity SD 0.6°/s 0.5°/5 [4°]s 0.4 /s
, e Mean 182.6° /57 140.4° [ s* 203.5° /s>  129.8°/s”
Mean Absolute Horizontal Acceleration 3D 29.4° /57 14.1°/5 23.9°/52 [9.4° /57
. . Mean  125.0°/s 114.2° /5 145.4° /s 109.4° /s
Mean Absolute Vertical Acceleration 3D 15.0°/52 AL 12.0°/52 1.6°/5°
Velocitv Distribution Dispersion Mean 2.64dE+4 6.95E+3 2.39E+5 3.12E+3
4 P SD 2.13E+4 7.08E+3 [27E+5  4.35E+3
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Task Recognition Module
(Ei)i=t-nt, _’[ [ [_‘[ BiGRU o FC °

GiW Module 1D CNN
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Ours LDA SVM BC RFo RFe
Cross. | Window 84.4% 54.0% 54.3% 49.3% 62.8% 48.7%
User MV  97.8% 76.1% 753% 65.3% 83.1% 68.3%
Cross. | Window 82.1% 53.8% 54.1% 49.0% 62.6% 48.3%
Scene | My 96.4% 74.2% 75.3% 64.4% 83.6% 72.2%
EHTask2 & 5 L ib 7k A F P A LT A9 &3
EHTask#2 A A F P X Ao = LT 89l & I3
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Ours LDA SVM BC RFo RFe
Window 61.9% 390% 37.9% 36.3% 441%  36.1%

MV 87.7% 60.0%  46.2%  40.0% 60.0% 64.6%
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